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Abstract
Speaker identification is one of the major problems in voice modeling and
speech processing. There are many applications of speaker identification,
including authentication in security systems. The applications of speaker
identification pose a huge challenge on a large scale, as it requires modern
technologies that are characterized by rapid search in the voice database and
rely on artificial intelligence to achieve the desired results from the system.
These systems usually require several processes and stages that the audio
signal must pass through to reach the desired result. There are two
categories of these systems that are used to identify the identity of the

speaker, including text-independent or text-dependent systems.

In this thesis, two systems were designed to identify the speaker, as the two
systems are characterized by their ability to identify the identity of the
speaker in the least time and the least number of training samples, and the
two systems do not require large resources to identify the identity of the
speaker. The whole system consists of four main parts, Part One Building
audio databases: The thesis relied on two audio databases, the first is a QS-
Dataset whose audio files were recorded by the researcher in an appropriate
environment and conditions free from any noise or sound effects. This base
includes a set of samples The second database (audioMNIST meta) was
obtained from the Internet and has the same characteristics as the first
database. The files were processed and formatted in a way that was
explained in the body of the research later. Part Two feature extraction:
Characteristics are extracted from audio databases by the Mel Frequency
Cepstral Coefticients (MFCC) algorithm. Part Three Defining the classifier:
Using two types of neural networks, the Multilayer Perceptron Neural



Networks (MPNN) and the Convolution Neural Network (CNN) as a
classifier. The last part checks the system: checking the functioning and
results of the system by means of a scale (False Acceptance Rate (FAR) and
False rejection rate (FRR).

The results of the test on the (QS-Dataset) and (audioMNIST meta)
databases showed the ability of the (MPNN) network to deal with the least
number of data that includes 5 peoples, as it achieved a percentage (97% and
86% respectively) as for the big data that includes 35 peoples, the results
were (77% and 57%, respectively), in contrast to the network (CNN) the
results were not good for the small data (85% and 61%, respectively) and
with big data the results were (97% and 88%, respectively) as the networks
were tested On the level of safety and verification, where the results showed

very high.



