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Abstract

The matter of overlapping set of speech signals recorded from a
single microphone, which is called (cocktail party problem) , is one of the
most challenge in the field of audio signal processing .To solved this
problem , we should restore the source signals that make up the Mixture
signal, this task is called audio source separation process. and the results
are still limited to separate two instantaneously mixed speakers with
acceptable results and high computational complexity. In this research,
and deep learning model was designed to separate two instantaneously
mixed speakers.(male-female) Supervised Deep Recurrent Neural
Network-Bidirectional Long Short Term Memory (DRNN-BLSTM) that
evaluates two time frequency masks: Ideal Ratio Mask (IRM) and
Optimal Ratio Mask (ORM) , which was used to separate the required
audio sources from the instantaneous signal. The efficiency of the
separation system was also evaluated and compared through the
application of three types of measures: Signal to Distortion Ratio (SDR),
Signal to Interference Ratio (SIR) and Signal to Artifact Ratio (SAR) for
signals. Resulting from the separation process for each Mask separately.
The results showed The results show that the (optimal ratio mask)
outperforms other training target (Ideal Ratio Mask). The Model with
IRM training Target achieve SDR = 6.16dB, SIR = 7.189db and SAR =
14.020db ,while ORM achieved SDR = 6.347db and SIR = 7.387db. )
And (SAR = 14.150 dB). The model is programmed By (Python-3.8.3-
amdo64).



