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Abstract

The platforms of social networking is open area that allow users to
express their opinions, reviews and emotions about topics, events, news
and products freely. Therefore, these platforms have become the most
popular among users such as Twitter that numbers of users are
increasing day by day. So, opinion mining and sentiment analysis
appears to extract and analyze sentiments of users from their written
tweets, blogs and other texts to help them for decisions making. This
field has taken attention of the large researchers, but most of the
researches focus on text of English language. Therefore, this thesis
focus on opinion mining and sentiment analysis in Arabic language
because the demand on its has increased. Tweets are usually written
using Modern standard Arabic (MSA) and dialectal Arabic (DA) which
have a lot of mistakes such as typos that causes many challenges ,in
addition to challenges of opinion mining and sentiments analysis.
Therefore, this thesis try to solve number of challenges in context and
typos. The goal of this thesis is building a system that classify tweets
into three classes, positive, negative or neutral, by using SVM algorithm
and four types of features. The features are verbs, nouns, verbs plus
nouns and unigram that tag with them for each word in tweet by POS
tagging. The existing POS tagging only for English words. So, this
research focus on building POS tagger for Arabic words which is divided
into two steps, first step consists of rules of ontology that were
consulted to three sets , first set uses to identify noun that refers to
description, second set uses to identify noun that does not refer to
description and the third uses to identify the verbs. while second step
are using lexicon which had built manually. Accuracy of designed Arabic
POS tagger highly depends on accuracy of natural language processing.

For example, the preprocessing of words like removal of prefixes and



suffixes, as well as, the way to handle words after the removal. where in
some cases, the word needs to return its letters which were part of the
original word because each change in the word may change polarity of it
and of all of tweet. The file of Arabic stop words have been used to
remove stop word from the text but this file had modified by adding new
words to it, and had removed some of words from the file because they
are important for sentiment analysis. The process of extracting of Arabic
letters from word is better way than removing Non Arabic words,
numbers, punctuation, symbols, diacritics and formalization because
fencing of them is very difficult. Also, this research mange number of
typos, as well as, merged words that appears as one word , in addition
to the treatment of some words that was written in dialectical Arabic.
This research also handling the context of word, phrase, sentence, and
particular words, as well as, a special treatment have been done with
negation. The polarities of hashtags, emojis had considered as word of
tweet. Process of labelling each tweet has done automatically. Finally,
training model is generated by training all features vector for one of the
features types , then this model have been used with testing data to
classify tweets into three classes. A comparison between results of four
types of features have been done using the following metrics of
Accuracy, precision, recall, F-measure, TP rate and TN rate. Those
accuracy measurements shows that choosing features for verbs are the

better.



